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Application EC man month (mm)Application EC man month (mm)
Deliverable : matlab
golden model

Starting time 3 mm
Digital receiverg

Impulse detector 3 mm
Cyclostationary detector 3 mm

Kurtosis detector 3 mm Spatial
FFT2D + radon transform 4 mm

Bemformer
Pre ‐beamformer
Cyclostationary detector

4mm

processing

Post‐beamformer
cyclostationary detector

3mm

Spatial filtering ???Spatial filtering ???
Correlator

Cyclostationary detector 6 mm

Pulsar machine
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Pulsar machine
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General case issueGeneral case issue
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The multidimensional caseThe multidimensional case
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Cyclic detector performanceCyclic detector performancey py p

AM RFI, no cosmic sources,
Power fluctuations between antennas = 20%
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Estimation & subtraction (2)Estimation & subtraction (2)( )( )

cleaned map  INR=0 dB, 1 BPSK
Simulation with a BPSK RFI
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Cyclic Spatial Filtering (2)Cyclic Spatial Filtering (2)y p g ( )y p g ( )
70

Spectrum of the data before and after Spatial Filtering
 

Spectrum of the data before and after Spatial Filtering

Example with real data from LOFAR
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ConclusionsConclusions
Application EC man month (mm)

Deliverable : matlab
golden model

Starting time 3 mm
Digital receiver

Impulse detector 3 mm
Cyclostationary detector 3 mm

Kurtosis detector 3 mm
FFT2D d f 4FFT2D + radon transform 4 mm

Bemformer
Pre ‐beamformer
Cyclostationary detector

4mm

I ll b i i h
Post‐beamformer
cyclostationary detector

3mm

Spatial filtering ???

In collaboration with 
Astron,
PhD student will start to 
work on spatial filteringCorrelator

Cyclostationary detector 6 mm

Pulsar machine

work on spatial filtering
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Upgrade of Uniboard 
design

3 mm


